
Building a Bayesian Neural Network with
Python, Keras, and Tensorflow Probability
What are Bayesian Neural Networks?

BNNs are a type of neural network that uses Bayesian inference to make
predictions. Bayesian inference is a statistical method that allows us to
make inferences about the parameters of a model based on the data we
have observed. In the case of BNNs, we use Bayesian inference to make
inferences about the weights of the neural network.

The key difference between BNNs and traditional neural networks is that
BNNs treat the weights of the network as random variables. This allows us
to make inferences about the distribution of the weights, rather than just
point estimates. This distribution of weights can then be used to make
predictions about the uncertainty of the network's predictions.

Building a BNN with Python, Keras, and Tensorflow Probability

In this section, we will show you how to build a BNN with Python, Keras,
and Tensorflow Probability. We will be using the MNIST dataset of
handwritten digits to train our network.
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1. Import the necessary libraries

The first step is to import the necessary libraries. We will be using
TensorFlow, Keras, and Tensorflow Probability.

import tensorflow as tf from tensorflow.keras import layers import
tensorflow_probability as tfp

2. Load the data

The next step is to load the MNIST dataset. We will be using the
tf.keras.datasets.mnist  function to load the data.

(x_train, y_train),(x_test, y_test) = tf.keras.datasets.mnist.load_data()

3. Preprocess the data

The next step is to preprocess the data. We will be normalizing the data
and converting it to a float32 data type.

x_train = x_train.astype('float32') / 255 x_test = x_test.astype('float32') /
255

4. Create the model

The next step is to create the model. We will be using a simple
convolutional neural network (CNN) architecture.

model = tf.keras.Sequential([ layers.Conv2D(32, (3, 3),activation='relu',
input_shape=(28, 28, 1)),layers.MaxPooling2D((2, 2)),layers.Conv2D(64,
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(3, 3),activation='relu'),layers.MaxPooling2D((2,
2)),layers.Flatten(),layers.Dense(128, activation='relu'),layers.Dense(10,
activation='softmax') ])

5. Compile the model

The next step is to compile the model. We will be using the
tf.keras.optimizer.Adam  optimizer and the
tf.keras.loss.SparseCategoricalCrossentropy  loss function.

model.compile(optimizer='adam', loss='sparse_categorical_crossentropy',
metrics=['accuracy'])

6. Train the model

The next step is to train the model. We will be training the model for 10
epochs.

model.fit(x_train, y_train, epochs=10)

7. Evaluate the model

The next step is to evaluate the model. We will be using the
tf.keras.evaluation.accuracy  function to evaluate the model's

accuracy on the test set.

test_loss, test_acc = model.evaluate(x_test, y_test, verbose=2) print('\nTest
accuracy:', test_acc)

In this tutorial, we showed you how to build a BNN with Python, Keras, and
Tensorflow Probability. We also showed you how to train and evaluate the
model. BNNs are a powerful tool for making predictions with uncertainty



estimates. They are well-suited for tasks such as medical diagnosis, where
it is important to know the confidence of a prediction.
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